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Abstract
Resilient communities often experience deprivation in multiple areas. Understand-
ing how these areas relate to each other can help policymakers develop effective 
interventions that target multiple issues, even if the primary focus is a single out-
come, such as violent crime. The present study examines counties in Texas, Califor-
nia, Arizona, and Pennsylvania to explore how environmental and social factors are 
associated with increased violent crime. Our results indicated that violent crime in 
these counties were predicted by the presence of leaking storage tanks, along with 
the percentage of low-birthweight pregnancies, housing burden, reduced reading 
scores, and percentage of children in free lunch programs. In path analysis, environ-
mental factors predicted both individual wellness and violent crime. These results 
suggest that ecological and social predictors of crime intertwine in important and 
complicated ways that warrant further examination and policy response.

Keywords  Violent crime · Ecological justice · Race · Poverty · Green criminology

Following a continual decrease in violent crime rates since their peak in the early 
1990s (as indicated both by the FBI’s Uniform Crime Reports; UCR), crime rates 
began rising dramatically in the United States in 2020, with homicide rates 39% 
higher in the first half of 2022 than they were in the first half of 2019 (Council 
on Criminal Justice 2022). The New York Times labeled the rise in violent crime 
as a “crisis” that is predicted to be “part of a broader trend” (Lopez 2022), and a 
recent analysis of all-cause gun violence in Louisville, Kentucky, found that more 
than twice as many years of potential life had been lost to gun violence compared 
to those lost to COVID-19 since the beginning of the pandemic (Risinger et  al. 
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2022). The Centers for Disease Control and Prevention (2022) found that among 
a general increase in firearm-related homicides between 2019 and 2020, the largest 
increase occurred for non-Hispanic Black individuals, indicating the racially dispa-
rate impacts of violent crime on communities. These trends are evidence that violent 
crime is an urgent issue within the United States, but predictors and correlates of 
violent crime are both vast and complex, requiring further research.

Violent crime and its correlates

In this section, we provide a general overview of evidence on correlates of violent 
crime. Despite being the subject of continuous debate, violent crime is viewed as 
an intersection of genetic risk and environmental strain. Genetics may play a role in 
developing certain aggressive personality styles which may be associated with vio-
lent behavior and perhaps, crime (Beaver et al. 2014). It is more accurate to consider 
that genetics plays a role in violence rather than crime per se. Propensity toward 
violence may be exacerbated under particular social circumstances.

While most see crime as a societal penumbra, there is much theoretical conjec-
ture as to what causes crime. The literature is replete with research regarding violent 
crime’s relationship with societal structure, particularly for minority groups. Broader 
approaches suggesting environmental, structural, and individual factors working in 
unison stock the literature. Dating back to DuBois (1899) and Park et al. (1925), the-
ories of structural and institutional effects have been researched to better understand 
crime. Ecological theories of crime, such as Shaw and McKay’s (1942), explain that 
structural and non-natural environmental factors may affect crime focusing on the 
relationship between crime, neighborhood structure, and social control. Crime may 
be an understandable response by individuals to abnormal communal conditions. 
Proponents of these theories discuss the interplay of structural factors of low eco-
nomic status, ethnic heterogeneity within a community, and residential mobility as 
contributing to the deconstruction of community social organization. This, in turn, 
may increase crime (Sampson and Groves 1989). These factors are often correlative 
but causality remains debated.

These trends are attributed by the literature to not just institutional structure 
but also socioeconomic factors (Hill et  al. 2001); both Black and Latino children 
experience higher rates of poverty than White children (Ellyson et al. 2022). White 
Americans tend to be underrepresented among persons arrested for violent crimes 
relative to their identification as perpetrators by the victims of violent crime, while 
both Black and Latino populations are overrepresented among arrestees for nonvio-
lent crimes relative to their representation in the overall national population (Beck 
2021). Black youth (ages 5–24) also experience significantly higher rates of gun-
related crimes, including homicide, than White youth (Ellyson et al. 2022). Black 
and Indigenous youth are also more likely to disconnect from their education than 
White youth (Brown 2021). Disconnected youth, defined as persons aged 16–24 
who disconnected from the K–12 education system at some point before graduat-
ing high school, have been shown to be twice as likely to live in poverty and 3 times 
as likely to become incarcerated as high school graduates (DeBaun and Roc 2013; 
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U. S. Bureau of Labor Statistics 2019). The correlation between race and economic 
status as risk factors for criminal behavior suggests examining crime from multi-
ple angles; progressing with the understanding that there are causalities but the path 
between cause(s) and effect is unlikely linear, and much more circuitous.

In addition to class, race/ethnicity, institutional pressure and genetics, there is the 
natural environment. This is the least explored area of criminology but maybe the 
most helpful. The study of environmental criminology may be helpful. The interplay 
between the natural environment (air, water, etc.) and non-natural, physical may be 
worth studying further for better understanding of crime. Crime “hotspots” many 
times exist within areas the contain high pollution. For example, Eck and Weis-
burd (1995) found that certain geographic areas experience higher crime rates and 
they suggested this attributable to environmental factors, including water and air 
pollution.

The effect of poor natural environment, like the genetics hypothesis, may be indi-
rect and only contributory (Kelling and Wilson 1982). Poor natural environment, 
like bad air or contaminated water, may encourage disorder in a community. It may 
also suggest neglect given that the right to clean water and air is considered by most 
to be a natural right. Residents that see their environment as in a state of dissolu-
tion and disrepair may be more apt to conduct crime. This may also result in group 
think, anonymity and desensitization and ultimately deindividuation, as suggested 
by Zimbardo (1969) regarding “broken windows”. In other words, individuals faced 
with heavy pollution may grow less connected to the community and such may, as 
Zimbardo suggested, decrease inhibitions and increase crime.

The offering of green criminology to the crime problem

Recently, criminologists have taken an interest in “green criminology” which looks 
at how ecological conditions relate to crime. From this perspective, poor ecological 
conditions are associated with neighborhood cohesion but also public health, both 
of which decrease public trust and increase the propensity for crime (Maxwell and 
Maxwell 2022).Green crimes often refer specifically to crimes which impact the 
environment, such as companies illegally disposing of toxic materials; such actions 
not only hurt the environment, but also communities that are exposed to such tox-
ins. Typically, underserved communities are worst hit, particularly poor communi-
ties; women and children may be particularly vulnerable to such impacts (Lynch 
2018). Some suggest that stress, as a natural response to environmental hardships 
may exceed an individual’s ability to cope effectively (Baum et  al. 1999). Preva-
lence of mental health problems, and with health-impairing behaviors that are also 
related to stress may be created or exacerbated. Persons residing in communities that 
report high levels of litter, poor air, high lead content, and poor water also report 
higher stress and elevated stress hormone levels; this suggests a possible connection 
between pollution, stress and crime (Evans 2004). As pollution has been linked to 
respiratory issues and cardiovascular problems, such may result in further mental 
distress (Peng et al. 2009).
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The relation between sleep problems and aggression is often attributed to the 
effect of inadequate sleep on prefrontal cortical functioning. Such may result in loss 
of control over emotions and impulsivity (including aggression) (Kamphuis et  al. 
2012; Richardson et  al. 2021. The contributory effect of the aforementioned pol-
lution impacts and resultant stress in such areas may create a cycle that promotes 
crime.

The EPA identifies hazardous waste proximity as a risk factor, referring to the 
count of hazardous waste management facilities (such as a landfill) calculated by 
the EPA RMP database. This considers facilities within five kilometers divided by 
the distance. Although theories posit that some types of local institutions will have 
a crime-producing influence in neighborhoods while others will have the opposite 
effect, the empirical evidence is far from conclusive. Questions regarding landfills 
remain. The same type of dynamic exists with other EJ index variables, such as 
ozone and particulate matter (Burkhardt et al. 2019).

Urban ecology, analyzed akin to a natural environment, includes competition 
for space and scarce resources and effects of the surrounding environment. Relat-
edly, environmental justice has become an area of focus for criminologists as they 
examine the potential causes of criminal activity (Brickey 1996). The U. S. Envi-
ronmental Protection Agency (EPA) has identified several areas to examine emerg-
ing perspectives on community-level vulnerability through their EJScreen Environ-
mental Justice Tool (EPA 2018). One of these is wastewater discharge. Researchers 
have examined correlations between wastewater discharge and crime throughout 
the world (e.g., in South Africa, Herbig 2019; and in China, Wu et  al. 2021) but 
have often looked at its relationship with corporate crime. Wastewater may be a key 
indicator of unsafe conditions that affect neighborhood ecology and mental health, 
potentially predicting crime.

Blending these natural with the non-natural physical environment may encourage 
more stress or more directly impact crime. For example, an environment with greater 
gun availability may play a role as well. Smith et al. (2021), through a multi-factor 
analysis, have also shown gun ownership to have a strong correlation with participa-
tion in violent crime at a state level. Their analysis also suggested a link between 
economic status and crime, finding a positive correlation between income inequality 
and homicide. Access to firearms increases the power of a potential aggressor while 
reducing the need for physical violence, potentially encouraging those who might 
not initially be drawn to crime to engage in it (Altheimer 2010). Furthermore, young 
people living in neighborhoods with high delinquency rates show a higher tendency 
to commit delinquent acts themselves (Smith et al. 2019).

At present, more empirical data is needed to explore this issue. We hope to fill 
in this gap in the literature by examining ecological correlates of violent crime to 
examine the degree to which ecological issues may present a widening serious of 
problems for impacted communities.

This exploratory approach concerns itself less with causes and more with corre-
lates that appear between environmental factors and crime. In other words, the fac-
tors suggested by the research to accompany or precede crime do not imply causality 
but show the complicated social and environmental web in which crime is situated. 
Therefore, more exploratory research is needed in the field of environmental justice, 

Content courtesy of Springer Nature, terms of use apply. Rights reserved.



SN Soc Sci (2023) 3:195	 Page 5 of 14  195

particularly as it relates to crime incidence. As such, the current study is exploratory 
in nature, taking advantage of existing data on the ecological and social conditions 
at the county level in the United States. Our research question involves examining 
several ecological factors with extant data available in the EPA’s EJScreen Environ-
mental Justice Tool to examine how these relate to violent crime as measured by the 
FBI’s UCR.

Methods

Counties

County level health data was drawn from the County Health Rankings Dataset 
(CHRD), compiled yearly by the Robert Wood Johnson Foundation and the Univer-
sity of Wisconsin Pollution Health Institute since 2010 (Remington et al. 2015). As 
a collection of 30 county-level measures, the CHRD provides data on mortality and 
morbidity and factors found to have an impact on health, including health behav-
iors, clinical care, social and economic factors, and physical environment. For our 
analysis, we included variables related to average math and reading scores, percent-
age of low-birthweight pregnancies, percentage of housing burden (financial strain 
in securing and maintaining housing), percentage of children in poverty, percent-
age of disconnected youth, poverty rate, and percentage of people of color. Many of 
these variables are related to poorer neighborhoods and neighborhood stress. This 
dataset also included violent crime rate data for the counties. Violent crime data 
is sourced by the Federal Bureau of Investigation’s Uniform Crime Reports, which 
includes reported crimes compiled for four index crimes, namely: murder and non-
negligent manslaughter, rape, robbery, and aggravated assault. County level analysis 
allowed us to overcome the challenges associated with the more often used aggre-
gate national data.

To maintain the database as manageable, we pulled from counties in four states: 
Texas, California, Pennsylvania, and Arizona. The final sample included 394 coun-
ties across these four states.

Ecological data

Ecological data for each of the counties were obtained using the EPA’s EJScreen 
Environmental Justice Tool (EPA 2018). This database maintains locality data for 
numerous environmental concerns that can be aggregated to the county level. For 
the current analysis, we included data related to lead paint exposure, diesel particu-
late matter, overall cancer risk, respiratory hazards, traffic proximity, waste water 
discharge, superfund national priority risk (localities known to have high pollutant 
risk), risk management plan (related to risk of chemical accidents), hazardous waste 
proximity, ozone levels, particulate matter in the air, and leaking underground stor-
age tanks.
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Analytic plan

In this analysis our main dependent variable is per capita violent crime as meas-
ured by the FBI’s UCR provided with the county data. Main ecological independ-
ent variables include: Wastewater Discharge, Superfund Status, Hazardous Waste 
Proximity, and Underground Storage Tanks. Main non-ecological independent 
variables include: Poverty Estimate, Percent People of Color, Percent Low Birth-
weight, Percent Children Free Lunch and Percent Housing Burden. All ecological 
variables were operationalized by their indicated status in the EPA’s EJScreen 
Environmental Justice Tool indicating relative risk for those ecological problems. 
Non-ecological data came from the county health rankings, and indicated, respec-
tively, the degree of poverty, racial composition, proportion of babies who were 
born underweight, proportion of children experiencing enough poverty to qualify 
for free lunches and the degree to which housing costs exceeded people’s ability 
to afford adequate housing given incomes.

Analyses were conducted using SPSS version 22 software. OLS regression was 
used. Pairwise deletion was used for missing data (though retesting the regres-
sion with listwise did not produce different results). The main outcome variable 
of violent crime demonstrated acceptable skewness (1.050) and kurtosis (1.461).

Regression residuals were tested to examine for assumptions of OLS regres-
sion. Examination of the scatterplot of expected values and residuals as well as 
the normal probability plot of residuals indicated that the residuals were within 
acceptable parameters of independence, homoscedasticity, and normality.

We ran collinearity diagnostics on our regression equation, and collinear-
ity was very high among some variables. Variables with high collinearity were 
removed so as not to create a “bouncing beta” phenomenon of spurious inac-
curate regression coefficients. Our goal was to keep VIF statistics below 3.0 as 
our observation has been that VIFs above this can result in substantially inflated 
standardized regression coefficients. It should not be assumed that these removed 
variables are unimportant. Reported models reflect those that were maintained 
after pruning due to multicollinearity.

We also used a smallest effect sizes of interest (SESI) approach to hypothesis 
support rather than one focused on p-values, as p-values can often cause misim-
pression of the importance of relationships, with “noise” effects often becoming 
statistically significant in large datasets (Ferguson and Heene 2021). In keeping 
with these suggestions, effect sizes below r = 0.10 were not interpreted as hypoth-
esis supportive, even if “statistically significant,” whereas those above r = 0.20 
were considered hypothesis supportive, even if falling behind the 0.05 threshold 
for significance (Ferguson 2009).

Results

All means and standard deviations are presented in Table 1.

Content courtesy of Springer Nature, terms of use apply. Rights reserved.



SN Soc Sci (2023) 3:195	 Page 7 of 14  195

Ecological predictors

In our first regression equation, we considered only ecological predictors of vio-
lent crime with the variables remaining after multicollinearity trimming, including 
wastewater discharge, Superfund national priorities risk, hazardous waste proxim-
ity, and leaking underground storage tanks. The overall model was statistically sig-
nificant [R = 0.437; R2 = 0.191; p < 0.000, F (4, 350) = 20.61]. In this model, leaking 
underground storage tanks predicted violent crime (β = 0.324, p < 0.001). Hazardous 
waste proximity was inconclusive, being above the SESI but just over the thresh-
old for statistical significance (β = 0.118, p = 0.056). Neither wastewater discharge 
(β = − 0.020, p = 0.685) nor Superfund risk (β = 0.055, p = 0.341) were significant 
predictors of violent crime.

Model including social risk factors

We then reran the ecological model, including social risk factors that survived the 
multicollinearity analysis. These additional predictors included poverty estimate, 
percentage of people of color, percentage of low-birthweight pregnancies, percent-
age of disconnected youth, average reading scores, percentage of children qualifying 
for free lunch, and percentage housing burden.

The full model was statistically significant [R = 0.583; R2 = 0.289; p < 0.000, F 
(11, 139) = 5.15]. It is important to note that because of substantial missing data, 
the number of included counties dropped. In this analysis, the ecological vari-
ables became non-significant, whereas percentage of low birthweight (β = 0.178, 
p = 0.023) and percent housing burden (β = 0.328, p < 0.001) were significant 
predictors.

Because missing data can influence outcomes, we then examined our variables 
for which had the most missing data. These proved to be reading scores and dis-
connected youth. As such, we removed these variables and reran the regression. 
The full model was statistically significant [R = 0.531; R2 = 0.282; p < 0.000, F 

Table 1   Descriptive statistics Variable Mean Standard deviation

Violent crime 276.54 117.24
Wastewater discharge 2691.09 43,546.90
Superfund 2.34 26.11
Hazardous waste proximity 65.96 272.87
Underground storage tanks 258.83 483.96
Poverty estimate 13.12 4.04
Percent people of color 40.25 23/05
Percent low birthweight 7.73 1.29
Percent children free lunch 57.70 14.45
Percent housing burden 11.52 4.05
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(9, 333) = 14.52]. This model clarified that leaking underground storage tanks 
(β = 0.179, p = 0.022), low birthweight (β = 0.181, p < 0.001), percent of chil-
dren qualifying for free lunch (β = 0.154, p = 0.026), and percent housing burden 
(β = 0.292, p < 0.001) were our main predictors of violent crime. Tables 2 and 3 pre-
sents this final model.

Exploratory analyses

Given that multicollinearity was high among our variables, we also analyzed our 
data in a second way. We used exploratory factor analysis for both our environment 
and social variables to calculate factor scores. Promax rotation was employed, using 
jamovi software. For environmental variables, intercorrelation was generally high 
and, as such distinct factors were difficult to obtain. As such, a single calculated 
factor score was used for environmental toxicity. For social factors, three factors 
emerged, one for individual wellness (coded such that high scores are worse), one 
related to academic achievement and one for neighborhood stress. Because percent-
age of people of color loaded slightly but equally on two factors, this was removed 
from the factor analysis. Intercorrelation between the individual wellness and aca-
demic achievement factors was high (r = 0.525), whereas neighborhood stress was 
only weakly correlated with individual wellness (r = −  0.211) and not at all with 
academic achievement (r = 0.076). These factor scores were then entered into an 
OLS regression using procedures similar to those describe above. VIF (2.29) was 
within acceptable parameters. The resultant model was significant [R = 0.622; 

Table 2   OLS regression results predicting violent crime (all variables)

Independent variable b se β p VIF

Wastewater discharge 0.000 0.000  − 0.035 0.458 1.025
Superfund 0.517 0.372 0.079 0.166 1.494
Hazardous waste proximity 0.024 0.040 0.038 0.556 1.901
Underground storage tanks 0.063 0.027 0.179 0.022 2.780
Poverty estimate  − 4.370 2.850  − 0.103 0.710 1.279
Percent people of color 0.008 0.013 0.061 0.126 2.092
Percent low birthweight 24.017 6.690 0.181 0.001 1.180
Percent children free lunch 1.826 0.819 0.154 0.026 2.214
Percent housing burden 12.378 2.312 0.292 0.001 1.395

Table 3   OLS regression 
results predicting violent crime 
(ecological variables only)

Independent variable b se β p VIF

Wastewater discharge 0.000 0.000  − 0.020 0.685 1.009
Superfund 0.361 0.378 0.055 0.341 1.440
Hazardous waste proximity 0.074 0.039 0.118 0.056 1.633
Underground storage tanks 0.115 0.022 0.324 0.000 1.711
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R2 = 0.387; p < 0.000, F (4, 139) = 21.9].In this model the individual wellness fac-
tor was a significant predictor of violent crime rate (β = 0.261, p < 0.001) as were 
academic achievement (β = −  0.171, p = 0.036), neighborhood stress (β = 0.250, 
p < 0.001), and environmental variables (β = 0.257, p = 0.007).

We tested the interrelations between these variables using an exploratory path 
analysis using jamovi software. We began with a mediated model wherein environ-
mental factors predicted neighborhood stress and individual wellness as well as vio-
lent crime directly. In turn, neighborhood stress and individual wellness predicted 
violent crime in the model. This model proved to be saturated, so standardized 
path coefficients with values below 0.10 were removed from the model. This pro-
duced a model with good fit (RMSEA = 0.078, CFI = 0.97, GFI = 0.995, χ2 = 5.64, 
p = 0.131. In this model, environmental factors very strongly were related to individ-
ual wellness (β = 0.65), academic achievement (β = − 0.24) and neighborhood stress 
(β = 0.23) as well as violent crime (β = 0.45). Individual wellness in turn predicted 
neighborhood stress (β = 0.78) and academic achievement (β = − .39) but no violent 
crime. Violent crime was further predicted by academic achievement (β = − 0.20).
This model is presented as Fig. 1.

Discussion

Use of the term “environmental justice” began in the United States in the 1980s with 
the North Carolina PCB (polychlorinated biphenyls) protests (NCDNCR 2013). The 
protests began when state government officials committed to building a landfill for 
illegally dumped industrial waste in Warren County, which was, at the time, one of 
the poorest communities in the nation, with 25% of its residents living in poverty. 

Fig.1   Path analysis results predicting violent crime
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In the four decades since, research into socioenvironmental impacts on communi-
ties has often focused on highly visible aspects of the local ecosystem. This encom-
passes concepts such as superfund sites, which researchers have consistently shown 
to reduce property values and have negative impacts on local public health (Kiel 
and Williams 2007; Stephens et al. 2022a, b; Stretesky and Hogan 1998) and urban 
green space. This green space is needed to promote physical activity and psycholog-
ical well-being, but researchers have found that it disproportionately benefits more 
affluent groups (Wolch et al. 2014).

In contrast to the established literature, our ecological model did not find the 
more visible risk factors identified by the EPA—including proximity to superfund 
sites, wastewater discharge, and hazardous waste—to be significant predictors of 
crime. However, we did identify leaking underground storage tanks (LUSTs) as a 
predictor in both the ecological and full models. In comparison to larger contamina-
tion sites, LUST sites, which are generally gas stations, tend to be less publicized 
and far more numerous within a given community. While criminological research 
on LUSTs has thus far been limited to environmental crime, LUSTs could be consid-
ered a disamenity that negatively affects property values in a similar way to dispro-
portionately high crime rates (Aliyu and Abubakar 2021).

In our exploratory results using factor and path analysis, we found somewhat 
stronger evidence for green impacts both on individual wellness, neighborhood 
stress, academic achievement, and violent crime. This suggests that environmental 
justice issues may have both direct and indirect impacts on violent crime. It is worth 
cautioning that these analyses were exploratory, but do suggest that this issue war-
rants further examination.

Guignet (2013) conducted a hedonic analysis of the impact of LUSTs on property 
rates using home-specific variation in information access and environmental qual-
ity. In this study, which notes that the Department of Environment in the study area 
is only required to notify the public in the most severe cases, homes within 500 m 
of a LUST did not typically decline in value upon discovery of a leak, nor did they 
typically respond to cleanup and closure of a leak investigation. However, in well-
informed households, defined as those who had their wells tested by the Department 
of Environment, there was a decline of 9–12% in property value. This suggests that 
while the public may not be generally aware of the risks proposed by nearby LUSTs, 
suspected contamination and the perceived health risks associated with it do affect 
public perception of specific areas.

This finding supports the structural and environmental models of crime (e.g., Kel-
ling and Wilson 1982). It may be that signs of civil disorder within an environment, 
whether natural or just physical, encourage further disorder, including crime. This 
becomes particularly relevant when examining the full model of socioenvironmental 
risk factors. We found that housing burden, low birthweight, and free lunch quali-
fication were significant community risk factors for crime, in addition to LUSTs. 
These factors are all considered to be proxy measures of poverty, and the impacts 
of environmental stress on crime rates has shown to be more pronounced in low-
income neighborhoods (Heilmann et al. 2021). This is notable as researchers have 
consistently shown that structural repairs in low-income neighborhoods significantly 
reduce crime rates.
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South et al. (2021) conducted a cross-sectional analysis of over 13,000 Philadel-
phia homes that were eligible for grants of up to $20,000 from the city’s Basic Sys-
tems Repair Program (BSRP). The presence of a BSRP-funded property on a block 
was associated with a 21.9% decrease in total crime, a 22.6% decrease in robbery, a 
19% decrease in assault, and a 21.9% decrease in homicide compared to blocks that 
still had homes on the program’s waiting list.

Policy implications

Disentangling environmental justice issues from social factors related to violent 
crime is difficult. Unfortunately, environmental justice issues in poor communities 
often get little attention (Bullard 2008). As policy makers consider the issue of vio-
lent crime, examining ways to improve environmental conditions in communities 
impacted by exposure to dangerous environmental conditions may be one element of 
larger strategies to reduce social and environmental stress communities are experi-
encing. Even if the direct effects of environmental variables are modest, improving 
ecological conditions likely will have positive impacts on other aspects of health 
outside of violent crime and, as such, remain worthy of undertaking.

Limitations

As with all studies, ours have limitations. First, our data are correlational and, as 
such, causal attributions cannot be made. Second, our data were not preregistered 
(hypotheses and analyses plans published in advance of data collection). The nature 
of having the compile the datasets by hand from preexisting data made preregistra-
tion impractical. However, preregistered designs should be considered where pos-
sible in order to reduce researcher degrees of freedom. Although we certify that our 
analyses were not altered to produce specific results, preregistered studies remain the 
gold standard for social science research. Third, our data used UCR which include 
only reported crimes. As many crimes go unreported, it is possible that this data 
does not reflect the full experiencing of crime in many neighborhoods. Fourth, other 
variables of interest, such as urban density, were not included in the current analysis.

Conclusions

Of course, the synergistic effects between structural poverty and crime are diffi-
cult to isolate. For example, Finegan et al. (2020) found that risk of symptoms for 
anxiety and depression is associated with both decreased neighborhood income and 
increased exposure to street-level crime. Thus, does living in a disorganized com-
munity make an individual more likely to commit crime, or is crime concentrated 
within disconnected environments that lack individuals committed to their commu-
nity’s health? Our data suggests that there are complex interactions between envi-
ronmental and social issues as they relate to the health of communities and future 
research would do well to explore these in greater depth. Particularly, time-series 
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designs may help to understand causal and temporal mechanisms. Nonetheless, 
being tangible, environmental justice efforts may be particularly fruitful for policy 
interventions in hopes that improving environments may also uplift social circum-
stances and reduce crime.

Data availability  All data are publicly available. Data files used in the current analyses can be provided 
upon reasonable request.
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